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Abstract 
 
The current market saturation, which is reflected in an increasing offer of products with similar 
characteristics and in the difficulty of keeping loyal clients, leads to an urgent need of developing 
strategies that catch the eye of the consumer. A large share of these actions is related to the 
implementation of temporary promotions (monetary and non-monetary) with the intent of satisfying 
the demand for the product and to gather more and more consumers. The aim of this dissertation is to 
study and to analyze from a critical perspective a market leader company (Nestle), on a very competitive 
category: breakfast cereals. Nestle was founded in 1886, in Switzerland, but it was only in 1918 that it 
undergone its first great expansion as a company, much due to the World War I. Since the time of its 
foundation until nowadays, Nestle keeps increasing its market share in products that vary from 
cosmetics to perishables. Nestle’s high frequency promotions towards their retailers suggest an 
approach to a stockpiling policy by offering discounts in their products which encourages the purchase 
of more quantities . Nestle’s sales tend to increase during these periods. However, if the sales of normal 
packages are segregated from the sales of promotional packages, there’s a decrease on the first ones, 
which may indicate some sort of category and brand cannibalism. In general, it can be concluded that 
the promotion policies used by Nestle are effective but would benefit of an operational reevaluation. 
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1. Introduction 

 
Nowadays, with the increasing market 
saturation and the necessity of product 
differentiation, it is fundamental to develop 
actions in order to attract the largest number of 
consumers. Sales promotions have been 
earning more and more importance, leading to 
a larger share of the marketing budget 
(retailers and manufacturers) (Blattberg, 
Briesch and Fox, 1995). 
 

 
 
From all the definitions of promotions, Kotler 
(1991, p.645) points out a really accurate one: 
“a diverse collection of incentive tools, mostly 
short-term, designed to stimulate quicker 
and/or greater purchase of a particular product 
by consumers or the trade.” So, promotions are 
all temporary and short-term incentives that 
expose a certain product/service to the 
consumer, with the purpose of giving higher 
visibility and promoting its purchase.  



For the consumers, promotions may reflect  
monetary savings, may encourage the 
acquisition of new products and may trigger a 
group of emotions that will influence 
purchasing decisions. For manufacturers and 
retailers, promotions are essential to attract 
consumers and to generate store traffic, may 
have an effect on short-term demand, may 
encourage brand-switching or even discourage 
the entrance of potential rivals in the market 
(Tsai and Lee, 2014). 
 
The goal of this work is to study the impact of 
sales promotions on the category of breakfast 
cereals for Nestle. In order to do that, the sales 
from January 2013 and December 2014 were 
analyzed and some possible conclusions were 
highlighted.  
 

2. Literature Review 
 
According to the authors studied, promotions 
can be divided depending on: who practices 
them (manufacturer to retailer, retailer to 
consumer or manufacturer to consumer) 
(Persson, 1995); when the product is 
used/consumed (in the moment of purchase or 
after a period of time) (Mendez et al., 2015); if 
they are monetary or non-monetary 
promotions (Santini et al., 2015; Palazón-Vidal 
and Delgado Ballester, 2015; Ramezani and 
Heidarzadeh, 2014; Mendez et al., 2015). 
 
Consumers constantly search the satisfaction of 
their needs by using of minimum resources, in 
order to maximize the comfort and well-being. 
Promotions are a way to achieve those 
sensations. There are two concepts which 
relate with the approach people have towards 
a promotion. When there’s a price discount and 
the consumer buys more than one unit of 
product he’s contributing to the stockpiling 
effect, which consists on the accumulation of 
inventory of a product. The brand-switching 
effect occurs when a consumer buys a product 
from a brand (which he doesn’t usually buy) 
just because there’s some kind of promotion on 
it. Gupta (1988) concluded that, during a 
promotion period, 84% of the sales increase 
was due to brand-switchers, 14% due to 
purchase anticipation and only 2% due to 
stockpiling effects. 
 
Regarding the consequences of sales 
promotions, these can be divided into short-
term and long-term effects. Dawes (2004) 
claims that there are no positive long-term 

effects from promotions and if there’s a lot of 
stockpiling the effects become negative. If the 
characteristics of a product make it easy to 
stockpile, then it’s advisable not to make a big 
discount (Beltov, Jorgensen and Zaccour, 2006). 
However, Jedidi Mela and Gupta (1999) say 
that short-term effects of promotions are 
mostly positive. Nevertheless, reductions in 
price may lead to a decrease in consumers’ 
reference price towards the product. In fact, 
this may even affect the brand equity. Farquhar 
(1989) says that “brand equity denotes the 
added value endowed by the brand to the 
product”. Aaker (1991) proposes a model that 
divides brand equity into 5 components: Brand 
loyalty, Brand awareness, Perceived quality, 
Brand associations and Other proprietary 
assets. 
 

3. Contextualization and methodology 
 
In 2014, Nestle operated in 5 continents 
(America, Europe, Asia, Oceania and Africa) and 
employed over 339000 workers. In Portugal, 
since 1923, Nestle developed and 
commercialized products such as: animal feed, 
cereal bars, drinks, coffee, chocolates, culinary, 
child nutrition, desserts and, of course, 
breakfast cereals, which is going to be the 
object of study of this dissertation.  
 
Sales time series from January 2013 to 
December 2014 were taken into consideration, 
related to two products: Product X and Product 
Y. Altogether, there were analyzed sales from 9 
retailers, giving a total of 18 time series. 
Additionally, 2 times series were created with 
the total of sales of both products which makes 
a total of 20 time series. 
 
As a first step, the Linear Regression Model was 
applied to all the series, in order to verify their 
stationarity.  
 
 𝑌 = 𝛽0 + 𝛽1𝑥 + 𝜀   (1) 

 
Where, Y is the random variable, 𝑥 is the 
independent variable and 𝜀 is the random error 
which is admitted to have null average and 
unknown variance. 
  
It was used the t-student test to evaluate if the 
model is adequate to the population. In other 
words, each one of the series was tested to find 
out if the slope of the adjusted tendency line is 
considerably different from 0. Therefore, the 
parameter being tested was 𝛽1. 



 
-Hypothesis:  
 𝐻0 ∶  

1
= 0 𝑣𝑠. 𝐻1: 𝛽1 ≠ 0  (2) 

-Test: 

 𝑇 =
�̂�1−𝛽1|𝐻0

�̂��̂�1

∩ 𝑡𝑛−2  (3) 

 

Where �̂�1 is the estimator of 𝛽1, �̂��̂�1
 is the 

estimated pattern error associated to the 

estimator �̂�1. 
 
-Critical region: 
 Reject 𝐻0 if |𝑇𝑐𝑎𝑙𝑐| >  𝑡𝛼/2(𝑛−2) (4) 

Where 𝛼 is the significance level  
 𝛼 = 𝑃[𝑅𝑒𝑗. 𝐻0|𝐻0  𝑡𝑟𝑢𝑒]  (5) 
 
𝐻0 was also tested using the p-value, which is 
the measure of agreement between the data 
and 𝐻0. So, the smaller the p-value, the minor 
the consistency between the data and 𝐻0. 𝐻0 is 
rejected if p-value ≤ 𝛼. 
 
Secondly, a dummy variable was used in order 
to distinguish the periods of promotion from 
the ones without promotion. The number of 
dummy variables necessary for representing 
one attribute is equal to the number of 
categories minus 1, so, in this specific case 
where there are two categories (promotion and 
no promotion), it is only needed one dummy 
variable and the linear model expression is: 
 
 𝑦 = 𝛽0 + 𝛽1𝑥 + 𝛽2𝑥2 + 𝜀  (6) 

Where 𝑥2 assumes the value 0 for non 
promotion periods and 1 for promotion periods 
and the hypothesis is whether the promotions 
are significate or not: 
   
𝐻0 ∶  

2
= 0 𝑣𝑠. 𝐻1: 𝛽2 ≠ 0  (7) 

4. Time series analysis 
 

4.1 Tests to the existence of 
deterministic tendency and to 
the impact of promotions 

 
The sales analyzed on this paper are between 
manufacturer and retailer, thus the demand 
reflect is a secondary demand (that eventually 
ends up reflecting the primary demand, which 
is the demand of the final consumer). 
 
Note that Product X was subject to 4 different 
promotions: Pay 2 take 3 (P2T3); 200 g offer 
with the purchase of an 800 g package 
(800+200); 33% discount on the purchase of 
one package (33%) and 33% discount on the 

purchase of a box (33% box). All these 
promotions come printed on the packages so 
the retailer is “obligated” to take them into 
consideration when putting the product for sale 
at the stores. Product Y was only subject to one 
promotion: 33% discount (33%). 
 
Firstly, the average of sales for each series was 
calculated. When the series was considered 
stationary with the average line (through the 
calculation of the t-student and the p-value), 
the distance between each value of sales and 
the line was measured and it was noted if the 
value corresponded to a week of promotion or 
to a week of no promotion. When it was 
detected a tendency, the measures were taken 
considering that line of tendency.  
 
The t-student and p-value tests were used so 
that the slopes of the average lines could be 
analyzed. If the slope was considerably 
different from 0, the series were not 
considered stationary and the values of the 
distances to the tendency line were taken into 
account.  
 
Table 1 shows the results for the Simple Linear 
Regression and Table 2 shows the results for 
Multiple Linear Regression. The values signaled 
in Table 1 are the ones that reject 𝐻0 with a 

significance level of=0,05. 
 

Table 1 - T-student and p-value for SLR 

 
 

In Table 1, there are 5 series where 𝐻0 is 
rejected, and therefore are not considered 
stationary: Retailer 2/Product Y, Retailer 



5/Product X, Retailer 8/Product X, Retailer 
9/Product Y and Total Product Y. 
 

Table 2 - T-student and p-value for MLR 

 
 

In Table 2 there are two variables being tested. 
The first two columns are related to the first 
variable and there are 4 series that reject 𝐻0: 
Retailer 2/Product Y, Retailer 8/Product X, 
Retailer 9/Product Y and Total Product Y. The 
last two columns are related to the second 
variable and there are 13 series that reject 𝐻0, 
meaning that promotions are significate and 
have impact in sales: from Retailer 3/Product X 
to Retailer 9/Product X. The series that don’t 
reject 𝐻0 have a lot of promotional periods. The 
small amount of observations related to non-
promotional weeks leads to a lack of 
experimental evidence that allows to 
differentiate the period of non-promotions 
from the period of promotions.  
 
Then, an outlier analysis was made so that it 
was possible to verify if some peaks of sales in 
non-promotion periods (related to purchases 
made by the retailers in prior weeks to periods 
where they make their own in-store 
promotions) had a significant impact in the 
values calculated before. 
 

 
Figure 1 - Outlier graphic for Retailer 1/Product X 

The graphic illustrated in Figure 1 represents 
what was made for all the series (except the 
totals of product X and Y). Each circle 
represents an outlier (with the correspondent 
quantities of sales read in the left scale) and the 
ones that match the periods without 
promotions are filled in black. In this case, for 
the Retailer 1/Product X there are 9 outliers 
with the values of 33.543 and 51.775 tons for 
periods of non-promotion and 32.986, 33.623, 
34.467, 34.613, 39.302, 40.235 and 58.980 tons 
for periods of promotion. Table 3 was created 
with the values for the t-student and p-value 
for SLR and MLR resultant from the box plots 
analysis and from the removal of the outliers of 
non-promotions. 
 
The deletion of these outliers turns two series 
stationary (Retailer 5/product X and Retailer 
9/product Y) that were previously non-
stationary in SLR (painted in yellow in the 
columns of SLR). Regarding the MLR, the series 
Retailer 9/product Y becomes stationary 
(painted in yellow) but the series Retailer 
3/product Y becomes not stationary (painted in 
orange). In addition, the promotion stop being 
significate in four series (Retailer 1/product Y, 
Retailer 2/product X, Retailer 2/product Y and 
Retailer 9/product Y). In fact, some values 
became more attractive for the analysis that 
was developed and others suffered the 
opposite effect. As the effect was not 
consistent, it was decided to continue the 
analysis without removing the outliers. 
 
 

Retailer 1/Product X 



Table 3 - T-student and p-value after removing the outliers of non-promotions 

 
 

4.2 Graphic analysis and the effects 
of the promotions 

 
In this section, the graphics of the 20 time 
series are illustrated from Figure 3 to Figure 22. 
In each graphic, the non-promotional weeks are 
drawn with the color blue and the promotional 
weeks are drawn in orange. The line drawn 
through the series is the tendency. 
 

 
Figure 2 - Sales graphic of Retailer 1/product X 

 
Figure 3 – Sales of graphic Retailer 1/product Y 

 
Figure 4 - Sales graphic of Retailer 2/product X 

 
Figure 5 - Sales graphic of Retailer 2/product Y 

 
Figure 6 - Sales graphic of Retailer 3/product X 

 
Figure 7 - Sales graphic of Retailer 3/product Y 

 
Figure 8 - Sales graphic of Retailer 4/product X 

 
Figure 9 - Sales graphic of Retailer 4/product Y 

 
Figure 10 - Sales graphic of Retailer 5/product X 

 
Figure 11 - Sales graphic of Retailer 5/product Y 

T-student Valor-p T-student  (var1) P-value  (var1) T-student  (var2) P-value  (var2)

Retailer 1/product X 1,267753 2,078300E-01 1,411036 1,61369E-01 1,688623 9,44392E-02

Retailer 1/product Y -3,207737E-01 7,490791E-01 -1,178210 2,41656E-01 3,043280 3,02651E-03

Retailer 2/product X 3,031814E-01 7,623943E-01 -7,17303E-01 4,749107E-01 5,721906 1,171072E-07

Retailer 2/product Y -2,236911 2,765595E-02 -2,800764 6,201327E-03 5,697035 1,420527E-07

Retailer 3/product X 1,165991 2,464193E-01 3,49284E-01 7,276259E-01 7,182768 1,342857E-10

Retailer 3/product Y -7,670005E-01 4,449832E-01 -2,131205 3,568124E-02 4,845691 4,964470E-06

Retailer 4/product X -1,743356 8,431450E-02 -4,10239E-01 6,825083E-01 5,2671863 7,967890E-07

Retailer 4/product Y 1,420412 1,587276E-01 1,712126 9,013597E-02 9,429909 2,733531E-15

Retailer 5/product X 1,904842 5,970310E-02 1,668332 9,844199E-02 5,242911 9,102870E-07

Retailer 5/product Y 3,635467E-01 7,171209E-01 2,93331E-01 7,700103E-01 12,873516 2,197390E-21

Retailer 6/product X 1,4050405 1,633054E-01 2,62255E-01 7,937046E-01 8,530497 2,613092E-13

Retailer 6/product Y 6,587995E-01 5,116016E-01 -2,15772E-02 9,828305E-01 11,967717 1,133344E-20

Retailer 7/product X 2,311030E-01 8,176978E-01 1,061224 2,91119E-01 3,755476 2,894531E-04

Retailer 7/product Y 1,811559E-01 8,566271E-01 3,61882E-01 7,182441E-01 3,997705 1,263932E-04

Retailer 8/product X -3,196136 1,869608E-03 -2,447917 1,61471E-02 3,3656220 1,09173E-03

Retailer 8/product Y 2,658630E-02 9,788449E-01 -4,29179E-01 6,687648E-01 4,550975 1,579256E-05

Retailer 9/product X -6,612233E-01 5,110003E-01 -5,18574E-01 6,05997E-01 2,635113 1,07282E-02

Retailer 9/product Y 1,471131 1,467551E-01 -2,86265E-01 7,757317E-01 4,373181 5,377847E-05

SLR MLR



 
Figure 12 - Sales graphic of Retailer 6/product X 

 
Figure 13 - Sales graphic of Retailer 6/product Y 

 
Figure 14 - Sales graphic of Retailer 7/product X 

 
Figure 15 - Sales graphic of Retailer 7/product Y 

 
Figure 16 - Sales graphic of Retailer 8/product X 

 
Figure 17 - Sales graphic of Retailer 8/product Y 

 
Figure 18 - Sales graphic of Retailer 9/product X 

 
Figure 19 - Sales graphic of Retailer 9/product Y 

 
Figure 20 - Sales graphic of Total product X 

 
Figure 21 - Sales graphic of Total product Y 

 
As can be seen, sales changed considerably in 
almost every series for the timeframe analyzed. 
The average of cereals sold in promotion and 
non-promotion periods are presented in Tables 

4 and 6. In Table 4, it is compared the vertical 
average distance between the sales of each 
retailer/product to the average line of sales of 
each one of them. In Table 6, the same method 
was applied but instead of using the average 
line of sales, it was used the tendency line of 
sales. The values not calculated in Table 4 (due 
to the series not being considered stationary) 
were calculated in Table 6. In Tables 5 and 7, 
the same method was used in order to 
compare the four types of promotion related to 
product X (product Y only has one type of 
promotion) and to analyze which one of the 
promotions was the most efficient one. 

  
Table 4 - Average of the difference between each 

series and the sales average value (tons) 

 
 
With respect to Table 4, there are 5 series 
which tendencies were not considered 
statistically significate and are not represented 
(Retailer 2/product Y, Retailer 5/product X, 
Retailer 8/product X, Retailer 9/product Y and 
Total product Y). It can be also verified that the 
average of the distances is negative for periods 
without promotions and positive for periods 
with promotions. This means that in general, 
the sales to the retailers increase when a 
promotion is applied.  
The retailer that registers the most negative 
value on the period without promotion is the 
Retailer 9/product X (-2.448 tons). As can be 
seen in Figure 19, there are a lot of sales peaks, 



all of them regarding promotions, which 
increases the values of the mean and increases 
the distance from the mean to the values of 
sales in periods of non-promotion. In addition, 
the value of -14.353 tons relative to the Total of 
product X can be explained by the fact that 
overall this product only has 3 weeks of non-
promotion and two of these values are well 
below the mean line, which can be seen in 
Figure 21. The retailer that registers the most 
positive value on the period with promotion is 
the Retailer 5/product Y (6,99 tons). As can be 
seen in Figure 12, the retailer only buys in 
sporadic weeks, therefore there are a lot of 
weeks with values of 0 sales. Thus, the mean 
line turns out to be relatively low and, 
consequently, the distance to the peaks is quite 
high. 
 
In Table 5, the same method is applied only to 
the promotional periods of product X. 
 
Table 5 - Average of the difference between sales of 
product X promotions and the average value (tons) 

 
 
Only the “P2T3” promotion had all the values 
above the mean line and the “33% (box)” 
promotion only had all the values below the 
mean line except for one. The two highest 
values registered are 7.479 and 6.895 tons 
relative to the “P2T3” for the Retailers 1 and 2, 
respectively. In opposition, the values -3.555 
and -3.007 tons are the two lowest ones, 
relative to the “33%” for the Retailer 1 and the 
“33% (box)” for the Retailer 9, respectively. 
 
All the values not considered in Table 4 are 
registered in Table 6. Similarly to Table 4, all 
these values are negative for periods without 
promotions and positive for periods with 
promotions. The values for the promotions 
relative to Retailer 5 and Retailer 8 are shown 
in Table 7.  
  

Table 6 - Average of the difference between sales of 
each series and the value of the tendency line (tons) 

 
 
Table 7 - Average of the difference between sales of 
product X promotions and the tendency value (tons) 

 
 
In sum, if the average of each promotion is 
analyzed, the “P2T3” is the most effective one 
with an average value of 2.901 tons, followed 
by the “800+200” with an average of 1.35 tons, 
the “33% (box)” with an average of 0,42 tons 
and lastly the “33%” with an average of 0,186 
tons. 
 

4.3 Short-term Impact 
 
Table 8 was elaborated in order to analyze the 
weeks immediately after a promotion. 
For 52 times, sales have decreased after 
promotions. One of the causes that may lead to 
this event is the stockpiling. However, since the 
cereal boxes sold to the retailers have the 
message of the correspondent promotion on it, 
it’s not possible for them to sell those boxes at 
a normal price. So, despite the fact that a 
promotion doesn’t bring any losses, it turns the 
marginal profits smaller, which may decrease 
the stockpiling effect due to the retailers 
buying with discount and also selling at an 
inferior price. 
 
This may be an accurate cause for the fact that 
it’s not clear if the sales always decrease after 
promotions. In fact, there’s a record of 57 
occasions where sales increased on the weeks 
after promotions. And for 34 times, the sales 
were null before and after promotion weeks, 
which may mean that the retailers waited for 
the promotions to buy enough stock for not 
having to incur into another purchase until the 
next promotion. 
 



Table 8 - Impact on periods after promotions 

 
4.4 Elasticities 

 
As all the periods with and without promotion 
don’t have the same duration, and in order to 
minimize the errors associated to price 
oscillations due to a posteriori promotions 
made by the retailers, the first step was to 
calculate the average of the quantity sold on 
each promotional and non-promotional period. 
As if all the periods had the same duration. 
Next, the elasticities for each period and type 
of promotion were calculated. Lastly, as an 
error mitigation tool, it was used a weighting 
based on the duration of each promotional 
period. With this last step, the elasticities with 
high positive values (resulting from purchases 
done two or three weeks prior to retailers’ in-
store promotions) lose some weight on the 
final mean elasticity and diminishes the 
associated error. It was then made a mean of 
all the values for each promotion, as it is shown 
in the next example for the promotion “P2T3” 
for Retailer 1: 
-Number of periods in promotion: 4 
-Duration of the promotions (weeks): 1; 5; 5; 2 
-Elasticities: 5,67; -1,86; 0,74; -0,73 

-Final elasticity: (
1

13
∗ 5,666) + (

5

13
∗ −1,864) +

(
5

13
∗ 0,7385) + (

2

13
∗ −0,732) = −0,110 

 
After repeating the same process for the rest of 
the retailers, the values are shown in Table 9. 
 

Table 9 - Mean total elasticities and frequency of 
promotions (in module) 

 
 
There are two concepts that  need to be taken 
into account: stockpiling and brand-switchers. 
The first relates with the durability and 
perishability of the product- breakfast cereals 
have relatively long expiration date, and so, can 
be easily stored. The second relates to the 
easiness with which the consumers change 
from one brand to another due to changes in 
price (in this particular case) – breakfast cereals 
are easily substituted for ones of another 
brand. 

 
There’s also the fact that these quantities 
regard the sales to retailers and not to the final 
consumer. So, it is accetable to assume that the 
effects of stockpiling are easily leveraged by the 
product storable characteristics and that the 
brand-switching effects are residual, since 
there are agreements and deals between 
retailers and manufacturer. 
 
Breakfast cereals fulfill 3 of the 4 requirements 
indicated by Srinivasan et al. (2004) as having a 
greater elasticity at the level of the 
manufacturer: brands with high frequency of 
promotions; storable goods; and they are 
inserted into a category with low number of 
SKUs.  
 
Like Jedidi, Mela and Gupta (1999) stated, 
short-term promotions are associated with 
greater elasticity and Walters and Bommer 
(1996) defend that products with less bulk 
increase the stockpiling effect, which is also 
attached to a greater elasticity. 
 
Next, follows the analysis of Table 8: 
 
“P2T3”  
This promotion originates three values 
between [0,1], in other words, it suggests an 
inelastic demand by the retailers. Besides that, 
there are 5 values greater than 1, which 
suggests an elastic demand and therefore, with 
a 1% decrease in the price, demand increases 
more that 1%. The mean elasticity was 1,158 
 
“800+200” 
In this case, all the elasticities were higher than 
1, thus demand is considered elastic for all the 
retailers. The mean elasticity was 2,633. 
 
“33%” 
Regarding product X, there were two 
elasticities between [0,1] and 4 bigger than 1. 
As for product Y, there were 3 values that 
indicate an inelastic demand and 5 values that 
indicate the opposite. The mean elasticities 
were, respectively, 1,11 and 1,22. 
 
“33% (box)” 

Retailer/Product 1/X 1/Y 2/X 2/Y 3/X 3/Y 4/X 4/Y 5/X 5/Y 6/X 6/Y 7/X 7/Y 8/X 8/Y 9/X 9/Y Total

Number of weeks where the sales decrease after promotions 3 0 4 2 10 2 4 2 5 1 0 0 0 2 9 2 5 1 52

Number of weeks where the sales increase after promotions 4 2 7 2 5 2 3 1 9 1 2 0 2 3 7 2 3 2 57

Number of weeks where the sales are null before and after promotions 0 0 0 0 0 0 4 3 0 1 11 4 4 1 2 3 0 1 34

"P2T3" "800+200" "33%" prod X "33%" prod Y "33% box"

Total mean 

elasticity
1,158 2,633 1,11 1,22 1,488

Number of weeks in 

promotion
79 275 132 105 47



Lastly, it was only registered one elasticity 
between [0,1] and 2 elasticities above 1. The 
mean elasticity was 1,488. 
 

4.5 Cannibalism and consequences 
 
Since the sales of normal packages of product X 
and product Y are not discontinued while there 
are promotions happening, it would be 
expected that some cannibalism effects might 
occur. This means that it would be expected 
that the sales of promotion packages would 
increase to the detriment of the sales of normal 
packages that would likely decrease. 
Additionally, these are promotions between 
manufacturer and retailer and the promotions 
are written on the packages, which prevents 
the retailers to purchase products on 
promotion and sell them at a regular price. So 
the retailers need to also buy regular packages 
because the marginal profits resultant from 
these sales are higher than the ones resultant 
from promotion sales. For example, if one 
package costs 1€ to the retailer and he sells it 
for 2€ to the final consumer, he earns 1€. 
However, if he purchases one package on a 
33% discount, it will only cost him 0,66€. The 
sale price of selling it would be 1,34€ and the 
profit would only be 0,68€. Tables 10 and 11 
analyze possible effects of cannibalism. 
 

Table 9 - Analysis of possible cannibalism effects - 
Mean of sales of normal packages of product X 

 

 
 
 

Table 10 - Analysis of possible cannibalism effects - 
Mean of sales of normal packages of product Y 

 

As can be verified, in both products and for all 
the retailers, sales of normal packages are less 
than the sales average in more than 50% of the 
weeks in promotion. Well, this means that 
retailers prefer to buy products in promotion 
and leave the normal packages aside a lot of 
times. 
 
Regarding product X, the retailer that most 
evidences possible cannibalism effects is the 
Retailer 5, for whom the normal packages sales 
are lower than average in 25 of the 29 weeks of 
promotions. In product Y, the values are in 
general higher than average and the same 
Retailer 5 doesn’t incur in any purchase of 
normal packages during the 3 weeks of 
promotions. In both cases, Retailer 2 is the 
second that shows the most these effects with 
sales under average in 40 of the 50 weeks of 
promotions for product X and in 13 of the 14 
weeks of promotions for product Y. 
 

5. Conclusions 
 
In this document, the promotions made by 
Nestle for its main retailers regarding breakfast 
cereals were analyzed.  
 
Breakfast cereals have a relatively high 
expiration date, so the promotions in these 
products may promote the stockpiling effect by 
the consumer. Gupta (1988) concluded that 
most of the increase in sales on a period of 
promotion is due to the brand-switchers. 
However, since the subjects of study are 
retailers (that probably have contracts with the 
manufacturer), maybe that is not the main 
cause. Perhaps the high number of promotions 
is a strategy adopted to promote stockpiling 
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and, this way, the manufacturer may take the 
most advantage of the decrease in prices. 
 
Considering Tables 4 and 6, it can be observed 
that in general promotions cause an increase in 
sold quantities. Being this a brand with a lot of 
market share, it is correct to assume that the 
main cause of sales increase is the stockpiling 
made by the consumers that already use the 
brand. 
 
When the promotions are individually analyzed, 
all of them show an average elasticity higher 
than 1, which means that in general all of the 
promotions were effective and turned the 
decreased of 1 monetary unit into the sale of 
more than one product unity.  
 
Regarding the possible effects of cannibalism, it 
was noted a decrease in sales of normal 
packages for promotion periods of both 
products X and Y. Well, when there’s a 
promotion on a brand and the products of the 
same brand are kept on sale without 
promotion, it is understandable and quite 
expected that most people would choose to 
buy the first ones. Thus, it is necessary to 
evaluate if it is worth it to keep selling the ones 
without promotion or if it is better to 
discontinue it temporarily. There can also be 
arranged deals with the retailers where it is 
only produced the quantity ordered by them, 
which leads to a minor necessity of stocking by 
Nestle, and finally promotes a decrease in 
waste. 
 
Lastly, it was not possible to take any long-term 
conclusions due to lack of data. With 2 or 3 
more years of sales, it would be possible to 
identify seasonalities, which would allow to 
outline promotion politics in a more assertive 
way. It could be also relevant to compare the 
sales data of these products with other 
products and brands on the same market 
category and that are sold on the same places 
as the ones analyzed. That would allow to 
conclude if there’s a negative tendency on the 
product sales after a period of promotion and a 
consequent increase on other products on the 
same category with less market share and 
lower price.   
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